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(1) Motivation

* Emotion classification methods assign emotions to text.
e Typically, either the perspective of the writer or the M Ii
perspective of the reader is considered. (4) ode Ing 6) A isal R I
e Emotion role labeling considers different perspectives but (6) ppraisal Results
focuses on cause extraction (“who feels what and why"”) Annotation
* No entity-specific appraisal analysis exists. Model  Input instance Emotion  Appraisal TexT Exe TExT Exe
R Appraisal Dimension P P Ap Appraisal Dimension P P Ap
EXP f<eXp>WR'TER</.eXp> b {euily (5,1,1,..) Suddenness 032 054 1022 Consider 055 062 4007
eltbad ... for him Familiarity 017 037  +0.20 Outcome probability ~ 0.14  0.38  +0.24
2 c - b - WRITER I feltbad ... for {Sadl’lCSS} (1, 3,1,.. ) Pleasantness 034  0.60 +0.26 gXpTcl. d‘:ilscfepancy 8:‘13 gg‘sl +gi;
i Und d 0.24 0.30 0.06 V¢ . . +0.
(2) Contribution (©p)him(exp)
TEXT WRITER | felt bad ... {guilt,  (3,2,1,...) Self responsibility 031 0.68 | +0.37 ?)eLfconlroll 82? 8'23 1352
1 i . i Other responsibili 033 0.68 0.35 ther contro . . g
wrletx?)r Research Question: for him sadness} sﬁumionfl"r;slmng 03 0es T Sitationl comrol 063 007 0,04
) i ifi H Effort 033 054 +0.21 ljustment chec| . . +0.
guilt | self-responsible, self-control Does entlty-speCIfIC mOdellng . Ex:rl 097 025 —0.72 Internal check 047 058  +0.11
event outperform text-level e Train two models: Attend 027 041 +0.14 External check 066 054 —0.12
LVEHOUted at a coIIeageXupg approaches in the emotion » TEXT-only (7) Examples
other-ressiaorlzi?gility, other-control CIaSSIflcatlon taSk? _ g:/sejrangcélg? a();r)a:;;:}(i/t;?:elsabels p
- . ID  Text
e EXPeriencer-specific T el working I e et eing oeesofdogs, THE s shoud ks e of e bt being 5 sy and

neglected, that is terrible.

- each entity in a text constitutes

2 Ifelt...when I remember being part of a group of children at school who verbally bullied another child.
Traini D one separate training instance S T iy Bt e e ot o
it when my ex husband was hatefultowards our shildsen
. 5 Ifelt...when my son was born.
(3) raining ata e Evaluate both models specifically on == T—
* Troiano, Wegge, Oberléander & Klinger entity-level o Toxr B
(LRE C, 2022) X-e nVE NT c Orpu s ? i:::enceﬂexm l::ouon Appraisal fx:::o:; Appraisal frdn::on Appraisal
e Short event reports, annotated for entity (5) Emotion Results __ Mheownen L e R e e
and writer-specific emotions and P porctigen jn B s  DBEE sjnow HEE
22 . | d . ~ another child sa (MW anosash EEEE  afsa m m |
appraisal dimensions. TEXT Exp 3 Wi won | B ww EED wn B
my sister sano W sash (] sano | |
. T4 Writer asa (BB afjnosash DM oo [CHCH
Emotion: guilt, no emotion Emotion: sadness Emotion Class P R B P R B — Zy,ec;:::;,and j:h :gfj 32 ::: :J::l: E
anger 40 82 54 60 80 68 +14 S e ;T RN e EED ; EEEE
I III disgust 50 93 65 60 80 69 44 my son o CEHE o O jw IO
. u ammmEm fear 4 8 58 53 71 61 43 (b) Annotations
5 23t 3z H joy 55 70 62 61 77 68 46 .
noemotion 29 80 42 51 80 62 420 (8) Conclusion
EgS £ g g - . .
Y- £53 2 XA ‘S’;giress E ;8 ég (1;2‘ ;g ;Z _:g ¢ Text-level emotion annotation is a
I was let down when my friends didn’t come to my birthday party.  [WRITER] shame 34 89 49 48 85 61 +12 simplification for entity-specific modeling.
Macro ave, 39 75 51 51 72 60 49 !Emotlon mforma'_clon. emotions are
Micro avg. 40 79 53 55 78 64 11 inadvertently assigned to all entities. <.
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